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Sample mix-ups
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More sample mix-ups
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Outline

▶ Sample duplicates
▶ Sex verification
▶ Sample mix-ups:

– mRNA ↔ protein
– mRNA ↔ DNA
– protein ↔ DNA
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But first

Missing Data
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Percent missing genotypes
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Heterogeneous Stock/Diversity Outbreds
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Sample duplicates
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Correlation between mRNA samples
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Correlation between protein samples
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Sex verification
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X and Y genotype dosage
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Sex and gene expression
Xist
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Sex and gene expression
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Sex and proteins
Slc22a27
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Sex and proteins
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Sample mix-ups
mRNA ↔ protein

20



mRNA ↔ protein method
gene expression data

m
R

N
A

 s
am

pl
es

genes

proteomics data

pr
ot

ei
n 

sa
m

pl
es

proteins

21



mRNA ↔ protein method
gene expression data
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mRNA ↔ protein method
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mRNA ↔ protein method
gene expression data
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mRNA ↔ protein correlations

Maximum protein/mRNA correlation, by protein
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mRNA ↔ protein similarity matrix
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mRNA ↔ protein similarities
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mRNA ↔ protein: closest vs self
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mRNA ↔ protein: selected samples
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Sample mix-ups
DNA ↔ mRNA
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DNA ↔ mRNA method
eQTL genotypes
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DNA ↔ mRNA method
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DNA ↔ mRNA method
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DNA ↔ mRNA method
eQTL genotypes
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DNA ↔ mRNA LOD scores
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DNA ↔ mRNA distance matrix
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DNA ↔ mRNA distances
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DNA ↔ mRNA: closest vs self
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DNA ↔ mRNA: selected samples
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Sample mix-ups
DNA ↔ protein
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DNA ↔ protein method
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DNA ↔ protein correlations
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DNA ↔ protein distance matrix
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DNA ↔ protein distances
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DNA ↔ protein: closest vs self
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DNA ↔ protein: selected samples
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Summary

▶ This shouldn’t happen.
▶ But if it does, you should find it.
▶ If two data sets have rows that

correspond, you should check
that they do correspond.
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DNA ↔ protein: best vs 2nd-best
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